This paper examines the behavior of prices in the wake of the unexpected arrival of 200,000 FSU immigrants to Israel -representing 4 percent of the populationduring 1990. The main empirical …nding is that changes in the share of immigrants in a city had a moderating e¤ect on prices in that city. Holding population size constant, a 1 percentage point increase in the share of immigrants in a city decreases prices by about 1.4 -1.8 percent during 1990. Changes in the share of immigrants, however, were accompanied by corresponding increases in population size which had an opposite e¤ect on prices. Holding the share of immigrants in a city constant, a 1 percent change in population increases prices by about 1.3 -1.4 percent during 1990. The negative composition e¤ect is consistent with an explanation based on the arrival of new consumers -the FSU immigrants -having higher price elasticities and lower search costs than the native population. The positive size e¤ect re ‡ects increasing short-run marginal costs of production and/or marketing. The composition and size e¤ects of the FSU immigration almost cancel each other in the Israeli experience so that, overall, prices were not signi…cantly a¤ected by the FSU immigration. The contribution of this paper is to show that this is the net result of two opposing forces.
Introduction
Since the end of 1989, and until 1995, a large in ‡ow of immigrants from the former Soviet Union (FSU) arrived in Israel, with monthly immigration ‡ows increasing exponentially during 1990 (see Figure 1) . At the end of 1990, FSU immigrants represented 4 percent of the population. Immigrants are not only workers but also consumers of goods and services and their arrival must have increased aggregate demand. This paper examines the e¤ect of the arrival of FSU immigrants to Israel on the level of prices in 1990.
In general, one would not expect this e¤ect to be large because immigration ‡ows are usually small relative to the size of the native population and are also predictable.
This study focuses on 1990, the …rst year of the FSU immigration wave, hoping that the large size of the initial FSU immigration wave, its initially unexpected nature and the fast pace at which it occurred combined in such a way as to leave measurable traces in the price data.
In this paper I empirically show that the arrival of immigrants a¤ects aggregate demand in two ways. First, demand increases because the number of consumers increases.
In the short run, when marginal costs of production and/or retailing are increasing, this size e¤ect is likely to lead to higher prices. Rising marginal costs is a sensible possibility in the Israeli experience because of the large, rapid and unexpected increase in the number of consumers. This e¤ect is not expected to be long-lasting: prices should return to their original levels or decline when entry and/or production adjust to the larger market size depending on the type of competition prevailing among stores (Campbell, 2005) .
The second, more interesting, way through which immigration can a¤ect aggregate demand is by changing the composition of consumers. If the newly arrived FSU immigrants are more price sensitive than the native population, stores may have incentives to lower their markups in order to attract these new high elasticity consumers, especially when brand and store attachments are initially weak and develop over time (Bils, 1989 ). This e¤ect is reinforced by the FSU immigrants searching more actively for lower prices than the native population. Because the FSU immigrants were initially unemployed or did not immediately participate in the labor force they faced lower costs of gathering price information lower search costs. This should induce them to check prices in additional stores and, indeed, the data con…rm that FSU immigrants spent considerably more time shopping than their Israeli counterparts (controlling for demographics and income). This increase in search activity strengthens the competitive pressure on …rms to lower their prices. This is the second channel through which the FSU immigration can a¤ect prices. The primary contribution of this paper is to show that the change in the composition of demand caused by the FSU immigration had a signi…cant negative e¤ect on prices during 1990.
I use monthly, store-level price data for 478 products sold by 1300 stores located in 52 cities in Israel during 1990 to relate price changes in cities to changes in their population size and composition -their share of FSU immigrants. The share of FSU immigrants was essentially zero in all cities in October 1989 -before the start of the immigration wave -but by December 31, 1990 it ranged between 0 and 15 percent across cities (Table 1 , column (7)). This signi…cant variation in the spatial distribution of FSU immigrants is used to identify the composition e¤ect of immigration on prices. 1 Essentially, I regress prices in a city on the share of immigrants and on population in the city, accounting for product, city, and month e¤ects.
The …rst empirical …nding is that changes in the share of immigrants in a city had a moderating e¤ect on prices. Holding population size constant and controlling for city and month e¤ects as well as for product-speci…c price levels and in ‡ation rates, a 1 percentage point increase in the share of immigrants in a city decreases prices by about 1.4 -1.8 percent during 1990. These are large and signi…cant (composition) e¤ects but they do not re ‡ect the overall e¤ect of immigration on prices. The change in the immigrant share was accompanied by a corresponding increase in population size. The second empirical result is that changes in population size have a positive and signi…cant e¤ect on prices during 1990. Holding the share of immigrants in a city constant, and controlling for other …xed e¤ects, a 1 percent change in population increases prices by about 1.3 -1.4 percent during 1990.
These two e¤ects -the size and composition e¤ects -almost cancel each other in the Israeli experience so that overall prices were not signi…cantly a¤ected by the FSU immigration. The contribution of this paper is to show that this is the net result of two opposing forces. Ignoring composition e¤ects would miss an important piece of the way markets reacted to the large in ‡ow of FSU immigrants and would lead to an incorrect interpretation of the data. In particular, we would misinterpret the …nding that the FSU did not a¤ect prices as evidence that the supply of goods and services costlessly increased to match the immigration-induced increase in demand.
The general lesson of this paper is that compositional changes can have important real e¤ects. If, counterfactually, we hold population constant, the estimates imply an upper bound to the gain in consumer surplus due to the composition e¤ect of the FSU immigration of $1,290 -$1,750 per household in 1990. Besides the intrinsic value of such understanding, it is also important to di¤erentiate between size and composition e¤ects because the former is likely to be a short term e¤ect until supply adjusts itself to the larger customer base. On the other hand, the time horizon of the composition e¤ect may be longer because it is related to the pace at which immigrants assimilate into the local economy. 2 This suggests that, after the upward pressure on prices disappears, all consumers stand to gain from more search and lower prices.
The short-run nature of the empirical analysis limits the extent to which the negative composition e¤ect can be explained by supply shifts. There is no strong empirical evidence of a negative e¤ect of the FSU immigration on natives'wages and employment (see footnote 7). And even if FSU immigrants were to locally depress wages of store workers -an event likely to be correlated with the share of immigrants in the citythen the prices of all products should be equally a¤ected. Separate analysis of the price e¤ects of immigration by 36 product groups reveals that the composition e¤ect is significantly stronger in products for which FSU immigrants constitute a larger share of the expenditure, such as music, pork products and alcoholic beverages. This result implies that decreasing retail costs, if they occurred, cannot be the only or main explanation for the negative composition e¤ect. 3 A plausible explanation of these results is that the FSU immigration led to an increase in demand accompanied by an increase in the price elasticity of part of the consumers and an increase in the amount of search conducted in the market. It is the arrival of a mass of new consumers with high price elasticities and negligible search costs that can discipline stores to lower their prices. We cannot empirically di¤erentiate between the high elasticity/low search cost explanations because the same consumers were both more price sensitive and also searching more intensively for lower prices.
The e¤ect of search on the level of prices was not the main concern of the empirical search literature. 4 This is somewhat surprising given that changes in the price level can have …rst-order impacts on consumer welfare. For example, Brown and Goolsbee (2002) show that the rapid di¤usion of the Internet -which facilitates cheap and fast price comparisons across stores -lead to lower prices, as predicted by search models. They examine the prices of life insurance policies and conclude ". . . that growth of the Internet has reduced term life [insurance] prices by 8 to 15 percent and increased consumer surplus by $115-215 million per year and perhaps more". Another example is Sorensen (2000) who shows that prices of drugs that are repeatedly purchased -and therefore more likely to bene…t from search -exhibit signi…cant reductions in both dispersion and price-cost 3 Such a supply-based mechanism is provided by Cortes (2005) . She …nds that low-skilled immigration to the US reduces prices of low-skilled intensive services such as gardening, housekeeping, baby-sitting, etc. because low-skilled immigrants reduce wages in these occupations. Her analysis, however, is based on e¤ects operating for a long time, from 1980 to 2000. 4 Until recently most of the empirical search literature focused on describing the patterns of price dispersion and the suitability of search models in explaining the observed dispersion. Pratt, Wise and Zeckhauser (1979) is a …rst empirical analysis using data on prices of 39 products sold in the Boston area. They conclude that the large di¤erences in prices of otherwise homogeneous products can be rationalized by the existence of positive search costs. Dahlby and West (1986) use data on prices for auto insurance policies and conclude that consumer search costs can explain the observed price dispersion. Lach (2002) , using a sample of four products in Israel, shows that price dispersion exists and does not disappear over time because the ranking of stores in the cross-sectional distribution of prices changes every few months. margins relative to occasionally purchased drugs. The present paper could be seen as presenting additional evidence, based on a large number of products, that more search reduces prices, where the share of immigrants is proxying for the amount of search in the market.
In the standard perfectly competitive model when demand increases price should either remain unchanged or increase in the short run. Yet, a growing body of evidence indicates that, contrary to this prediction, retail prices fall during periods of high demand (Warner and Barsky, 1995; MacDonald, 2000; Chevalier et al., 2003) . This empirical literature, however, is concerned with price ‡uctuations due to temporary shocks or to cycles in demand during weekends and holidays rather than with permanent shifts in demand. Nevertheless, the lesson from the present paper is that prices declines can be the result of increases in the share of consumers with high price elasticity and/or lower search costs during weekends and holidays (Nevo and Hatzitaskos, 2005 ).
The paper is organized as follows: Section 2 presents the price and immigration data and some preliminary, non-parametric evidence on the price-immigration relationship. Section 3 develops an econometric model whose results are described in Section 4. Finally, in Section 5 possible explanations of the estimated e¤ects are discussed and evidence in support of a high-elasticity/search-based interpretation is presented. Conclusions close the paper.
Description of the Data

A Short-run Analysis
The empirical analysis focuses on the year 1990, the …rst year of the FSU immigration.
There are several reasons for this. First, the 1990 wave of immigrants was not very familiar with competitive markets. 5 Two characteristics of market economies are particularly relevant for our analysis: the large extent of product di¤erentiation (in terms of manufacturers, brands, packaging, etc.) and the existence of price dispersion across stores. The FSU immigrants were also quite ignorant of the peculiarities of the Israeli 5 The glasnost and perestroika reforms were introduced just a few years before (1985-87).
economy. Subsequent waves of FSU immigrants -after the …nal dissolution of the Soviet Union in 1991 -were more "westernized"and more informed about the Israeli economy.
This suggests that immigrants'consumption behavior may have di¤ered across cohorts in important ways that cannot easily be controlled by cohort dummies. Moreover, the assimilation of immigrants into the local economy implies that the composition e¤ect is weakened over time. 6 Focusing on 1990, sharpens the distinction between the size and composition e¤ects caused by the arrival of new consumers.
Second, during 1990 we can safely ignore changes in natives'demand as a result of changes in income prompted by the FSU immigration. 7 This means that the estimated e¤ects are more likely to re ‡ect the change in the immigrant population than changes in natives'demand.
Lastly, the focus on the short run implies that production/retail capacity could not have changed much during the period of analysis, nor could the number of stores. This limits the extent to which prices could have declined due to economies of scale, entry or lower retail costs (see Section 5 for further arguments). Although these long-run e¤ects may be substantial, the goal of this paper is to isolate the demand e¤ects of immigration on prices, holding production technology and market structure …xed. Focusing on 1990 achieves this.
The Price Data
The price data consist of monthly price quotations obtained from retail stores by the Central Bureau of Statistics (CBS). Once a month, the CBS samples prices on a variety of goods from a sample of stores, and uses them to compute the monthly Consumer Price Index. 8 The CPI includes prices of about 1100 goods and services but because of 6 Indeed, Weiss et al. (2003) also show that FSU immigrants'wages rise sharply with time in Israel even though they do not fully catch up with the wages of comparable natives. 7 Friedberg (2001) reports that natives' wages were not a¤ected by the FSU immigration. CohenGoldner and Paserman (2003) show that natives'employment was not a¤ected either, but they …nd a small negative e¤ect on their wages in the short run. In 1990, no new taxes were imposed to …nance the absorption of immigrants. 8 Importantly, the price data are not "scanner" data. The prices are therefore "asking" prices. For many products, asking and actual transaction prices are identical. The price data used by Lach and limited resources I decided to use only 478 items. The selection of the 478 products is described in the Appendix. The selected items are mostly food, furniture and clothing products. Fruits and vegetables and housing-related expenditures -for which quality di¤erences are di¢ cult to measure -were not included in the sample and, conversely, a few products that were thought to be in high demand by FSU immigrants, such as pork products and alcoholic beverages, were included among the 478 products.
The ideal experiment would be to compare prices in 1990 to prices in 1989, before the FSU immigration started. Regretfully, this is not possible because prices for the period before January 1990 are not available at the CBS in a way amenable to academic research. The empirical analysis is therefore based on monthly price quotations for the year 1990 from 1300 retail stores located in 52 cities in Israel. The cities (sorted by population size) and the number of sampled stores in each of them appear in Table 1, columns (1) and (2) . In the large cities over a hundred stores are visited and, as shown in column (3), most products are sampled (e.g., Tel Aviv has prices for 467 of the 478 products), but in the small towns only a few stores are visited and just a fraction of the products are sampled (e.g., less than 10 percent of the products in Sederot). As a result, the number of total price observations by city in column (4) ranges from less than 100 in Sederot to almost 15,000 in Tel Aviv.
The number of price quotations (i.e., stores) per product also varies considerably.
In general, the size of the sample for each product depends on its popularity. For example, "jeans" were sampled in 56 stores but "metal chairs" were sampled in only 3 stores. The distribution of the number of price quotations is right skewed with just a few products having large sample sizes. Half the products have sample sizes of 15 stores or less, and only 9 percent of all products -45 products -have samples with 30 or mores stores. Another statistic of interest is the number of products sampled in each visit to a store. On average, 11.4 products are sampled in each monthly visit. The distribution of sampled products by store is also right skewed with half the stores having less than 7 products sampled, while 5 percent of the stores have over 37 products with monthly Tsiddon (1992 Tsiddon ( , 1996 and Lach (2002) came from the same source-the CPI raw data collected by the CBS-but were limited to a restricted set of products, and to di¤erent time periods. price quotations.
Each product …le has a city and store identi…er, a nominal price quotation observed during the month, information on the manufacturer, brand, size, weight, and other relevant characteristics of the product. Thus, a "single" product …le includes data on di¤erent variations of the product in terms of the product's characteristics. For example, hummus, a popular food product, has up to eleven variations of the product. This information was coded both numerically and in Hebrew. We checked each …le manually in order to quantify the information appearing in Hebrew and to check for consistency between both sources of information. This labor intensive process is the main reason for restricting the analysis to about half the number of items in the CPI. We realized, however, that any attempt to "dummify" this information and use it to control for di¤erences in price levels would be futile: di¤erent set of characteristics are relevant (with varying importance) for di¤erent products and each product has too many variations.
Thus, a regression analysis of price levels which does not control for product-speci…c characteristics, is not the best approach if these omitted product characteristics are correlated with the share of immigrants or population size. The CBS's …nal goal is to compute monthly price changes. It therefore takes good care in basing this computation on exactly the same variety of the product from month to month. For this reason, the CBS usually samples only one particular variety in each store, and this is the case in our sample. If the same variety is not available in a given month the price is assigned a missing value by the CBS surveyor and a price change cannot be computed for that month. After observing three consecutive missing values the CBS stops sampling that particular variety. This ensures that monthly price changes refer to the same variety of the product. In particular, it precludes recording price decreases if a store switches to a cheaper variety. After observing three (or more)
consecutive missing values the CBS may switch to another variety in subsequent months.
In the sample, the incidence of store-product observations with three or more consecutive missing values not occurring at the beginning or at the end of the observed data spell is only 1.4 percent. This means that the variety observed at the end of the data spell is the same as the one at the beginning in at least 98.6 percent of the 16,663 store-product observations. This is important because the empirical analysis will be based on the price di¤erence between the last and …rst month the product is observed in the sample (for the same store). Table 2 shows the distribution of stores'durations during 1990. Duration is computed for each store-product combination in the sample. 9 Durations are short: half the store-product observations appear during less than …ve months and no store-product combination has price quotations for more than 9 months. During 1991, 145,000 immigrants arrived in Israel but during 1992-95, the yearly in ‡ow was around 65,000.
Immigrants did not settle uniformly over the country. As seen in Table 1 (column (7)), the variation in the proportion of immigrants across cities (at the end of December 1990) is quite large. There are many locations (e.g., Arab towns) where there are no 9 In a store where two (or more) products are sampled one product may be sampled from January to May and the other from July to December. This store generates two (or more) durations of 5 and 6 months, even though the store is in the sample during 11 months. 10 The reason for the short durations is a technical one: the CBS moved gradually from using large mainframes to using PCs during the year 1990. As a result, not all the data in the mainframe was transferred to the PC. This is particularly true for the …rst half of 1990, the initial phase of the transition. In the second half of 1990, when the transition was almost complete, over 75 percent of the durations in the stores appearing in the sample for the …rst time in July 1990 are at its maximum (6 months). As long as the reasons for the missing data are random this should not a¤ect our estimation.
immigrants at all, while in others cities (e.g., Karmiel, Nazareth Illit, Qiriat Yam), their share is over 10 percent at the end of 1990. The simple average of immigration shares across cities is 4.9 percent and the standard deviation is 3.2 percentage points.
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This variation will be used to identify the relationship between prices and the share of immigrants.
The share of immigrants and the total population growth rate are closely related since most of the population growth is due to the arrival of the FSU immigrants. The simple correlation coe¢ cient between columns (6) and (7) is 0.91. 12 The high, but not perfect, collinearity poses a serious econometric challenge when trying to separately identify the size and composition e¤ects. This will be re ‡ected in high standard errors of the estimated composition and size e¤ects and should be kept in mind when discussing the precision of the estimates. Recall, however, that given the correct econometric speci…ca-tion, high collinearity among the regressors does not bias the estimators.
An important limitation of the immigration and population data is that we do not have city-level data for every month of the year. The total population …gures by city are available only for 31 December 1989 and 1990, while data on FSU immigrants are available only for 31 December 1990. We will return to this issue in Section 4.
Preliminary Data Analysis
The monthly average price change of a product j in store i in city c is computed as the di¤erence in log price between the last (t 1ij ) and …rst (t 0ij ) months the storeproduct is observed in the sample divided by the duration in the sample, log p jict = log p jict 1ij log p jict 0ij
. I then average all these price changes over all products and all stores 11 The unweighted average of immigrant shares across cities (4.9 percent) is higher than the weighted (national) average (3.9 percent) re ‡ecting the large shares of immigrants in small cities.
in the city and this is the number appearing in the last column of Table 1 . 13 The simple average of the monthly price changes is 0.9 percent but there is large variation across cities ranging from 2.1 percent in Sederot to 0.3 percent in Ashqelon, Ra'anana, Ramat
Gan and Sachnin (the standard deviation across cities is 0.4 percentage point).
The price change and immigration share data are plotted in Figure These results suggest that prices increase less rapidly in cities where the share of immigrants is larger as suggested by some economic models discussed in the Introduction.
However, changes in population size, di¤erential in ‡ation rates among products, and the potential endogeneity of S due to the self selection of immigrants into cities are ignored.
In order to assess how these preliminary results fare when these omissions are corrected, and to get a quantitative assessment of the estimated relationship and its precision, I
proceed to a regression-based analysis of the data.
Econometric Speci…cation
The focus of this paper is on the price e¤ects of the change in the size and composition of demand resulting from a large in ‡ow of FSU immigrants during 1990. The following speci…cation for the nominal price of product j (j = 1; : : : ; 478); sold by store i in city c (c = 1; : : : :52) during month t (t = 1; : : : ; 12) captures these two e¤ects, 13 Computing the change between the average price in December 1990 and the average price level in January 1990 involves comparing prices from di¤erent stores since no store-product observation is in the sample for more than 9 months (see Table 2 ). This may introduce a bias in that the price averages are based on prices of brands and stores that may di¤er between the two months.
where L ct is the population size in city c in month t; S ct is the share of FSU immigrants in the city and the 0 s are …xed e¤ects. L is proxying for demand size while S is capturing the composition of demand, and we ignore for the moment the fact that L and S are not observed on a monthly basis. The relevant market for each product is implicitly de…ned as the city where the store selling the product is located. 14 Notice also that the market size and composition parameters are product-speci…c.
j and t are product and month dummies that capture permanent di¤erences in price levels among di¤erent products and common time-trends in prices, respectively.
The price e¤ects of the various religious holidays are also picked up by the month dummies. The presence of the interaction term jt allows for product-speci…c in ‡ation rates (e.g., national sales of product j). i captures the e¤ect of time-invariant features of the store that bear upon prices, such as location within the city, type of store, quality of service, etc. c picks up features of the city's population (income, education, etc.), city-wide amenities (presence of a shopping mall, pedestrian district, etc.) and aspects of the market structure that are constant during the sample period. u jict is a shock to price in month t: The various error components allow for a rich pattern of correlations among prices.
In the short run, when changes in production/retail capacity and entry are limited, we expect j > 0 because of increasing marginal costs. The composition e¤ect is given by j : If immigrants behave in the same way as natives then demand composition should not matter implying j = 0: On the other hand, if the new immigrants have higher price elasticities and/or search more intensively for lower prices then stores will be under pressure to lower their prices, implying j < 0. Equation (1) Estimation of the parameters in the price level equation (1) is problematic because 14 In the empirical section I show that the results are robust to alternative de…nitions of the market. of two reasons. First, as described in Section 2.2 "product j" includes many di¤erent variations of the product (brand, size, packaging, etc.). It is impractical to dummify all the variations within product j or their di¤erent characteristics. Because these characteristics may be related to the size and, in particular, to the composition of the city's population, OLS estimates may su¤er from an omitted variable bias. One may suspect that immigrants are inclined to consume cheaper variations of the same product. If the degree to which the cheaper brands substitute for the expensive brands within a city depends on S then OLS estimate of the 0 j s will be picking up this substitution e¤ect. 15 This problem is addressed by examining changes in prices over time. As explained in Section 2.2 price changes over time are always computed for exactly the same variation of the product. The unobserved characteristics of each variation disappear after the price equation is di¤erenced over time, as do the store and city e¤ects. Note that any systematic di¤erence in price changes (i.e., in ‡ation) between expensive and cheaper brands is captured by product-speci…c time dummies jt . Thus, I exploit the panel structure of the data to get rid of time-invariant store, city and product characteristics.
Time-di¤erencing, however, does not address the lack of monthly data on S ct and L ct . The only time-di¤erencing for which we have immigrants data is for a 12-month di¤erence, i.e., the December 1990-December 1989 di¤erence, assuming that the share of immigrants is zero on December 31, 1989 in all cities (S c0 = 0). This, however, is not feasible because I do not have price data for December 1989. I therefore try to get the longest possible di¤erence for each store-product observation. Moving to "long di¤erences" has the additional advantage that it removes part of the month-to-month noise in price changes caused by getting in and out of sales and other promotions.
As in Section 2.4, t 0ij and t 1ij are the …rst and last month a store i-product j observation is observed in the sample. I compute an average monthly percentage price change during this period. For example, a store appearing for the …rst time in April 1990 and for the last time in November 1990 will have t 0ij = 4 and t 1ij = 11: Recall that the median duration is 6 months (see Table 2 ). "Long-di¤erencing" equation (1) and dividing by t 1ij t 0ij gives, log p jict 1ij log p jict 0ij t 1ij t 0ij = t 1ij t 0ij
: Notice that each store-product combination has a single observation representing its average monthly price change. The dependent variable, averaged over all stores and products in each city, is the average monthly price change appearing in the last column of Table 1 .
In going from equation (1) to equation (2) it was assumed that
i.e., each product has a di¤erent monthly in ‡ation rate which is invariant over the sample period. 16 The key regressors in (2), the average monthly change in S and the average monthly percentage change in total population, are unobserved. I measure them as follows. It can be safely assumed that S was zero or very close to it in all cities on December 31, 1989 (see Figure 1 ). For the remaining months we assume that S grew linearly from zero to the value on 31 December 1990, denoted by S c12 : That is,
for each month t = 1; 2; : : : ; 12: Since the monthly increment in S is
; I use
in equation (2). 16 And is the same across all product variations. A weaker assumption is that variation-speci…c departures from the common in ‡ation rate are not related to S and L. A completely unrestricted speci…cation for jt is theoretically plausible but practically very di¢ cult to estimate because it requires estimation of over 5000 parameters.
For the total population I assume a constant monthly growth rate,
where L c12 and L c0 are the population levels at the end of December 1990 and 1989, respectively. This implies that the growth rate g c is approximately equal to log L c12 log L c0 12
:
instead of log Lct 1ij log Lct 0ij t 1ij t 0ij in equation (2) .
A few remarks on regression (2) are in order. First, all store-products observations in the same city have the same values of the immigration share and population growth regressors. Thus, we cannot separately identify their e¤ects from the e¤ects of cityspeci…c price trends. In Israel, however, due to its small geographic size and high degree of economic integration, it is very unlikely that prices exhibit signi…cant city-speci…c trends over prolonged periods of time. Second, identi…cation of the parameters relies on the cross-city variation in S c12 and log L c12 log L c0 only. In particular, all cities started with S c0 = 0 but evolved di¤erently in terms of their absorption of immigrants.
Thus, the monthly change in S di¤ers across cities. This cross-sectional variation is used to identify the e¤ect of S on prices. Third,
is the average monthly in ‡ation rate between t 0ij and t 1ij . Since this varies across store-products I dummify the t 0 1 s and t 0 0 s and enter them separately in the regression after multiplying them by the inverse sample duration,
. 17 Finally, because there are 478 products, I adopt a random coe¢ cients formulation and focus on estimating the mean e¤ects and ;
E j k jx cj ; x ck = E j k jx cj ; x ck = E j k jx cj ; x ck = 0 for j 6 = k 17 Notice that the months a¤ected by long-di¤erencing depend on the store's price availability, i.e., on t 0ij and t 1ij : Since the panel is very much unbalanced in terms of the months in which each storeproduct observation appears in the sample, there is a lot of variation in the length of the time di¤erence (t 1ij t 0ij ) as well as on the speci…c months over which the price change is computed. where x cj = (S c12 ; L c0 ; L c12 ; t 1 ; t 0 ; j ) : Assumption (7) says that there is no relationship between the population size and composition in a city and the magnitude of the price response to changes in them. A speci…c product could be more responsive to immigrants because of product-speci…c attributes that match the immigrants'tastes but this matching is unrelated to the population size and share of immigrants in the city. We also assume that the random component of the coe¢ cients are uncorrelated across products. All the correlation across store-products is captured by the store, city and month e¤ects.
Based on (4), (5) and (6), the estimated equation becomes
Equation (8) is estimated by OLS after pooling all store-product observations across all stores and products. Assumptions (7) su¢ ce for
to be mean-independence of S c12 and log L c12 log L c0 . In order for u jic to be uncorrelated with the regressors it su¢ ces to assume that u jict is mean-independent of S ct and log L ct ;
conditional on the various …xed e¤ects.
This last identifying assumption implies that store-product speci…c price shocks are not related to the in ‡ow of immigrants to the city and to its population size. This is a reasonable assumption if one believes that immigrants do not decide where to settle on the basis of the occurrence of store-speci…c sales. This does not mean that immigrants do not choose to settle in cities with lower or higher than average prices. In fact, models of urban theory posit that the decision to live in a particular city depends, among other things, on the amenities o¤ered by the city. If FSU immigrants are attracted to cities with large employment opportunities and high levels of amenities -and these are associated with higher than average prices -then we may expect a positive correlation between The remaining issue is the estimator's covariance matrix. First, because of the presence of product, store and city e¤ects in the price level equation, the price shock u jict could, as a …rst approximation, be treated as uncorrelated across products, stores and cities. Second, because the data used to estimate equation (8) is a single observation per store-product combination, I make no assumptions on the serial correlation in u jict :
Third, notice that the random coe¢ cient assumption (6) induces a correlation among prices of the same product across stores. Thus I allow for arbitrary correlation of the disturbance in equation (8) across prices of the same product (in di¤erent stores), but assume zero correlation between prices of di¤erent products. Practically, this requires clustering the standard errors at the product level. Finally, if there is a time-varying, citylevel component in u jict (e.g., weather) then u jic will be correlated within cities. Not accounting for this correlation tends to bias the estimated standard errors downwards, particularly when the regressors are highly correlated within cities which is the case here.
Clustering at the city level solves this problem. Table 3 presents the estimates of and from equation (8) at two di¤erent levels of aggregation. The most dissagregated sample consists of 16,038 city-store-product observations (columns 1-3). 19 In the …rst column I omit the population growth regressor and obtain a negative estimate of the composition e¤ect which is signi…cant when the standard error is clustered at the product level (p-value = 0.035) but not when it is clustered at the city level (p-value = 0.15). A 1 percentage point increase in the share of immigrants in a city decreases prices by 0.3 percent. This is a …rst hint that immigration matters for prices. In column (2), however, when S is omitted from the regression, population growth has no signi…cant e¤ect on prices suggesting that immigration has no e¤ect on prices.
Empirical Results
The estimates in columns (1) and (2) compared to the case where no immigrants settled in the city. This is not a large e¤ect
given that the CPI increased by almost 17 percent during 1990.
As mentioned in Section 3, the immigration e¤ect is identi…ed by variation in S c12 across cities. Because S c12 is at the city-level, it is appropriate to match its cross-city variation to variations in city-average price changes. We do this by averaging equation (8) to the city level, eliminating the variation in price changes across stores and products within a city. Aggregating up from store-level data is the correct way to do this so as not to confound store-speci…c price changes with price changes due to changes in the identity of the stores and/or the products over time. The number of observations is reduced to the 52 cities. Here, and are essentially estimated by regressing a "between longdi¤erenced"regression: the monthly price change averaged across all stores and products in each city c is regressed on the immigrants'share and population growth in the city (and on the averages of the interactions between the dummies for the t ).
21 Columns (4)-(6) present the estimates from this regression. At the city level the product speci…c error terms j and j are averaged out so that standard errors are robust to heteroskedasticity only. 20 The exact change is (S 1 S 0 ) + (log(1 S 0 ) log(1 S 1 )) :
21 Wooldridge (2003) points out that using the between regression gives the appropriate standard errors and uses the correct t distribution for inference (assuming normality and homoskedasticity of the errors). When the number of clusters is small, inference obtained from the between regression can be very conservative if there is no cluster e¤ect in the u 0 jict s which is a strong possibility in the present application.
The estimated and in column (6) are very similar to those obtained with store-product observations. The similarity of the estimates across the two aggregation levels emphasizes that identi…cation of the size and composition e¤ects is obtained from the cross-city variation in the growth rates of S or, in other words, from the spatial di¤erences in the pace at which immigrants settled in Israel. The estimated total e¤ect of immigration, however, is much larger and signi…cant at the city level, implying that prices are lower by 2.5 percent in a city where the share of FSU immigrants reached 5 percent in December 1990. This total e¤ect, being the di¤erence of two estimates, is sensible to small changes in each of the point estimates. Thus, although the separate estimates of and are fairly stable across di¤erent aggregation levels, their di¤erence is not.
The set of products sampled in a city and the number of stores selling each of the sampled products varies across cities (Table 1) . Therefore averaging the product dummies j across stores and products in a city gives a di¤erent intercept for each city, and this was ignored in columns (4)- (6) . Because city dummies cannot be estimated for each city, I average the estimated product dummies, the b 0 j s from column (3), across all stores and products in each city and subtract these averages from the dependent variable.
I then regress this adjusted average price change on the usual regressors. Results appear in columns (7)-(9). The R 2 in column (9) is considerably higher than in column (6) but the point estimates are quite similar suggesting that a possible correlation between the set of products sampled and the regressors is not a major problem in these data. 22 The total immigration e¤ect is now -0.0034 but not signi…cantly di¤erent from zero.
Overall, the results point to large and signi…cant size and composition e¤ects of immigration in the direction predicted by theory. These partial e¤ects, however, cancel each other so that the total immigration e¤ect, although negative, is small and not statistically di¤erent from zero.
To allay concerns about the endogeneity of S in equation (8), I instrument for the 22 An alternative is to add the averaged b 0 j s as a regressor. This gives similar estimates, -0.0205 (s.e. 0.0048) and 0.0188 (s.e. 0.0050) for and , respectively, where the standard errors were not adjusted for the use of the generated regressor. Table 4 ). The instruments are not weak. 24 The IV and OLS estimates of and are very similar. In fact, a Hausman test cannot reject the hypothesis of equality between the OLS and IV estimates in each of the regressions in Table 4 . 25 This result supports the identifying assumption that estimating the e¤ect of immigration on price changes is a way of controlling for the selection of immigrants into cities. The reasoning was that although immigrants may be attracted to cities with higher or lower price levels it is unlikely that they be attracted to cities with higher or lower store-speci…c price deviations ("sales") around the average city price (the u 0 jict s).
Removing city-speci…c determinants of prices appears to solve the endogeneity of immigrants'location decisions. I now show, albeit indirectly, that these decisions were indeed correlated with the city dummies. 26 I do this by estimating the price equation in levels, equation (1), with and without store and city dummies. 27 In column (1) of Table   5 , when store and city dummies are not included, the estimated is signi…cant but of opposite sign to the one estimated from the di¤erenced regressions: a 1 percentage point increase in S is associated with a 0.7 percent increase in prices. The point estimate of is also much smaller than that in Table 3 . In column (2), only store dummies are added to the regression because store and city dummies are not jointly identi…ed. 28 The change in the estimates is quite dramatic. The estimate of changes sign and magnitude while the e¤ect of population size on prices increases by a factor of almost 60! Now, the e¤ects are similar to those obtained from the long-di¤erenced regressions in Table 3 , even though product variations are not fully accounted for. 29 This exercise indicates the importance of controlling for city e¤ects. The change in between columns (1) and (2) is consistent with immigrants locating in cities where stores are selling at higher than average prices which are usually cities having more amenities and employment opportunities. Table 6 is an attempt to control for spatial e¤ects. I implicitly de…ned the boundaries of the relevant markets as those given by the city limits. This is unduly restrictive because inter-city distances in Israel are not large and immigrants in one city can easily make their weekly purchases in a nearby city. It follows that the change in demand in a city should also take into account the immigrants in the city's surrounding area. As a …rst approximation, I divided the 52 cities into four metropolitan areas: Jerusalem (1 city), the Northern area (22 cities), the Central area (23 cities) and the Southern area (6 went through what was called the "direct absorption"method: they received a subsidy and had to rent an apartment in the private market. It should be pointed out that there was no government policy encouraging the location of immigrants in speci…c areas such as peripheral or declining areas. I thank an anonymous referee for raising this issue.
cities). For each city, I computed the immigrant share in the metropolitan area where the city is located (not including city c). This new variable ( S metro ) is added to the regressors in equation (8) . The estimates of and are again very similar to those in Table 3 . 30 The estimates of the metro coe¢ cient are always negative signs but are not signi…cantly di¤erent from zero, maybe because there is not much cross-city variation in this regressor. In any case, the estimated coe¢ cients of metro are much smaller than those of which means that "own" e¤ects are, not surprisingly, more important than "neighboring" e¤ects. Spatial search e¤ects do not seem to be that important in this sample.
The linear interpolation scheme in (4) is arbitrary but the estimates are robust to alternative assumptions. One such alternative is to interpolate backwards the number of immigrants in each city using the aggregate (national) monthly growth rate in the stock of immigrants during 1990. This would introduce variation over time in S ct and L ct which would contribute to the identi…cation of the parameters. This source of identi…cation, however, is problematic because it is …ctitious: there are no actual data on the monthly changes in S and L: Thus, I prefer to forgo this source of identi…cation and rely only on cross-city variation in the share of immigrants and population growth on December 1990. In any case, estimates based on this interpolation assumption are very similar to those in Table 3 , con…rming that parameter identi…cation is essentially due to cross-city variation in immigration shares and population growth.
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One last thing to notice is that FSU immigrants did not settle in Arab cities. On the other hand, most of these cities had above average in ‡ation in 1990 (see Table 1 ). 30 The regressions in Table 6 do not include observations for Jerusalem because Jerusalem is a single metropolitan area ( S metro is not de…ned). Rede…ning the metropolitan share to include the city (and thus including Jerusalem in the regression) generates almost identical estimates of all parameters. 31 For example, the estimates of and in column (3) of Table 3 are -0.0142 (s.e. 0.0037, 0.0057) and 0.0134 (s.e. 0.0036, 0.0060), respectively, based on the alternative interpolation procedure. The simple correlation between the two alternative shares of immigrants is 0.73 and between the two alternative population growth rates is 0.68. The estimates of and in column (9) of Table 3 are -0.0193 (s.e .0.0052) and 0.0156 (s.e. 0.0055), respectively and the simple correlation between the two measures of the shares of immigrants is now 0.92, while the correlation between the two measures of population growth rates is 0.91. The corresponding estimates of and in column (6) of Table 3 are -0.0183 (s.e .0.0061) and 0.0132 (s.e. 0.0067), respectively. For more details see the Appendix in the working paper version (Lach, 2005) .
Thus, the estimated negative relationship between prices and S could be driven by these few cities. To rule out this possibility I rerun the regressions in Table 3 
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Overall, the estimates of the composition and size e¤ects of the FSU immigration on prices in Table 3 are robust to various modi…cations and extensions of the baseline regressions in Table 3. 33;34 In fact, it is quite remarkable that the various estimates of and are numerically very similar to those in the baseline speci…cation. Even though these e¤ects almost cancel each other, the contribution of this paper is to show that ignoring composition e¤ects would miss an important piece of the way markets reacted to the large in ‡ow of FSU immigrants. When S is omitted from the regression (as in columns (2), (5) and (8) of Table 3 ) we infer that prices are not signi…cantly a¤ected by the large change in population and we would wrongly interpret this …nding as evidence of a "costless" increase in the supply of goods and services matching the increase in demand brought about by the FSU immigration.
The presence of a strong composition e¤ect is important because it can outlast the size e¤ect as it depends on the pace at which immigrants assimilate into the domestic 32 For example, the estimates of and corresponding to regression (3) in Table 3 are -0.0128 (s.e. 0.0039, 0.0063) and 0.0126 (s.e. 0.00383, 0.0062), respectively. Those corresponding to regression (9) are -0.0163 (s.e. 0.0125) and 0.0148 (s.e. 0.0092), respectively. These estimates are based on 46 cities. The variance of S decreases by 22 percent when the six Arab cities are excluded. 33 The monthly data allow us to estimate a …rst-di¤erenced version of (1) . The number of observations increases to 73,926 store-product-month observations because each store-product combination is observed in several months. The results from the …rst-di¤erenced version are very close to those from the long-di¤erenced version in Table 3 . The corresponding estimates of and in column (3) of Table 3 are 0:0163 (s.e. 0.0032, 0.0047) and 0:0151 (s.e. 0.0034, 0.0048). The larger number of observations does not increase much the precision of the estimators because the dependent variable is now much noisier. The estimates of and corresponding to column (9) in Table 3 are somewhat smaller, b = 0:0116 (s.e. 0.0036) and b = 0:0104 (s.e. 0.0033). 34 One may conjecture that the arrival of immigrants may initially decrease prices but further increases in S may have smaller e¤ects because prices are already close to their competitive level. In order to capture this nonlinear e¤ect I added S 2 to the basic speci…cation but its e¤ect, although positive, is very small and not signi…cantly di¤erent from zero. The marginal e¤ect of the immigration share on prices is constant in this sample. The estimated and remain unchanged. 
Explanations
An explanation for the negative sign of is that it re ‡ects decreases in production costs due to increasing returns to scale. In a small country, such as Israel, production is usually centralized in one location and distributed nationally so that decreasing production costs should be re ‡ected in lower prices in all cities, irrespective of their share of immigrants.
Decreasing production costs would, therefore, be re ‡ected in the aggregate month and product-speci…c in ‡ation dummies but cannot explain the negative price e¤ect of the share of immigrants in a city.
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Prices could also have declined if new retail stores were opened and price competition intensi…ed. Alternatively, retail costs could have declined because of economies of scale and/or scope associated with increased retail capacity. But the short-run nature of the empirical analysis limits the extent to which this argument can be applied. Expanding retail space can be a signi…cant investment which is mostly irreversible from the …rm's point of view. Because there was a lot of uncertainty, especially during 1990, 35 This is an upper bound because the housing market was ignored in this calculation. It is unlikely that these consumer gains were wiped out in the following year(s) because long-run increases in supply (through capacity expansion of current stores and entry of new ones) would have contributed to further decreases in price. Notably, CPI in ‡ation in 1991 was the same as in 1990 and from 1992 onwards it was signi…cantly lower. 36 Increasing returns can be rapidly exploited when production is not at full capacity which would have been the case in Israel since 1989 was a recession year. Even if production was at full capacity, Israel is a very open economy and imports could rapidly close the demand gap created by the FSU immigration. Since imports are also distributed nationally any decrease in import prices would also be captured by the month and product-speci…c in ‡ation dummies.
regarding the future ‡ows of FSU immigrants, investors waited before they committed resources to open new stores or to expand retail space beyond what was planned. Furthermore, there is no evidence that entry of new stores was signi…cant during 1990.
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Retail space, therefore, was …xed and costly to change in the short run so that marginal costs were increasing. After 1990, as the uncertainty revealed, stores may have changed their size and product composition and new stores dedicated to the FSU population were opened. These (long run) supply changes do work in the direction of lowering prices and should therefore strengthen the short term composition e¤ects of the FSU immigration analyzed in this paper.
A related argument is that the FSU immigration depressed wages in the labor market, especially in low skilled occupations such as in retail stores. The empirical evidence, however, shows that natives'wages decreased very little, if at all, due to the arrival of the FSU immigrants (see footnote 7). A way of checking the validity of this argument directly with the price data is based on the following reasoning. First, the extent of retail wage decreases should be positively correlated with the share of immigrants in the city.
Second, when retail wages decrease in a city, the prices of all products in the city should be lower. Therefore, S should have the same (negative) e¤ect on prices across all products. On the other hand, if the estimated e¤ect re ‡ects changes in demand, we would expect to …nd a stronger composition e¤ect in products where immigrants represent a larger share of the market. 38 I turn now to analyze this issue.
The 478 individual products were grouped into 36 product categories determined by the CBS classi…cation of products. Table 7 presents results obtained by interacting 37 The only source of data on the number of stores by city is from the Value Added Tax Authority. These data are problematic because, among other things, they do not capture the opening or closing of branches of multi-branch …rms since the VAT is paid by the central o¢ ce. Under this caveat, the growth rate in the number of …rms paying VAT in eight major cities in Israel between 1989 and 1990 was not signi…cantly di¤erent from that between 1990 and 1991. Data for years before 1988 are not available. The cities are Beer Sheva, Eilat, Givataym, Haifa, Holon, Jerusalem, Ramat Hasharon and Tel-Aviv. 38 If FSU immigrants do not buy a particular product then its price should not be responsive to the share of immigrants in the city. Formally, assume that the composition e¤ect for product j is j = j + j where j is the share of FSU consumers in product j 0 s market. Allowing for productspeci…c parameters allows us to estimate j : If we had good data on j (per city) we could use jc S c as a regressor. the immigrant's share and population regressors with a product group dummy. I report the estimated coe¢ cient of for each group (and not just the contrast with the reference group) and its standard error, sorted in ascending order starting with the signi…cant ones. Notice that the immigration e¤ect is negative in 32 out of the 36 product groups, but only 10 products have signi…cant negative estimates (at the 10 percent signi…cance level or less). These results show that the negative composition e¤ect is not speci…c to particular products. Formal tests of the hypothesis that all interaction e¤ects are zero have a p-value of 0.41 for and 0.39 for : Thus, the data do not support systematic di¤erences in parameters across products. 39 Although this is formally consistent with the notion that prices declined because the FSU immigration depressed local wages in the retail sector, the estimates, nevertheless, reveal interesting di¤erences among the various product categories.
The speci…c religious and sociological characteristics of Israel provide us with a natural case where immigrants constitute a major market force: pork products. Pork products were sold in Israel for a long time but the market was small because of religious (kosher) restrictions. 40 The arrival of the largely non-kosher FSU immigration, which was also familiar with pork products, generated a disproportionate increase in the demand for pork products. If the estimated composition e¤ect is indeed picking up a demand change we would expect to …nd a strong e¤ect in the market for pork products. This appears to be the case: pork products exhibit a very strong and signi…cant negative composition e¤ect.
In order to determine whether is larger in other products where immigrants' market share is larger we need to match consumption expenditure data to the product categories used by the CBS for the Consumer Price Index. This is problematic because the CBS price classi…cation is at a much higher dissagregated level than the available consumption expenditure data. Nevertheless, data from the Household Expenditure Survey for 1992/1993 -the closest year to 1990 -is informative on the share of FSU 39 Justifying, to some extent, the assumption that all deviations in product coe¢ cients are random. 40 These products are not sold in the regular supermarkets and grocery stores because they are nonkosher. They are sold only in special non-kosher butcher shops.
immigrants in di¤erent types of expenditures. The data reveal that FSU immigrants' share in total consumption, as well as in food consumption, was 8 percent. However, their share in the expenditures of chicken and beef processed products (including pork products) was 19 percent, in alcoholic beverages it was 16 percent, in durable culture and entertainment products (including music) it was 16 percent, in …sh it was 11 percent and in meat and poultry it was 9 percent. These products closely track the products categories at the top of the list in Table 7 . On the other hand, FSU immigrants'share in the expenditure on linen was 3.3 percent, in toys and games it was 5.2 percent and in tea, co¤ee and chocolate milk it was 6.7 percent. These product types are associated with products at the bottom of the list in Table 7 .
Models where new immigrants have higher price elasticities than the native population can predict a negative composition e¤ect. A good example of this approach is Bils's (1989) model where consumers develop some attachment to products previously purchased and stores are keen to lock-in these new buyers by lowering their markups, trading-o¤ the objectives of exploiting past customers and attracting new ones. Immigrants do not have strong brand and store attachments upon arrival in Israel, and also have lower incomes, making them potentially more price-sensitive than natives. Cities with higher proportion of immigrants will then exhibit lower prices.
For the new immigrants to buy at the lower prices they need to know which stores are selling which products at low prices. Perfect information about prices is a strong assumption in light of the extensive empirical literature on price dispersion. This is particularly true for the new immigrants. When consumers do not have full information about prices and acquiring information about them is costly, stores are less motivated to reduce their prices. Indeed, Diamond (1971) showed that prices will converge to the monopoly price. It is the presence of a mass of consumers with negligible search costs that can discipline shoppers to lower their prices. I argue that this is the role played by the FSU immigration.
There are sound theoretical reasons, and some data, supporting the notion that immigrants search more than their native counterparts. As mentioned in Section 2. As seen in Table 8 , time spent shopping per day averages to 26 minutes for immigrants and just to 15 minutes for natives. Most individuals did not shop during the day they were sampled but, among those shopping, immigrants spent markedly more time shopping than non-immigrants. The di¤erence remains after controlling for individual and 41 See Lach (2002) for evidence on the existence and persistence of price dispersion in Israel. 42 The participation rate of Israeli-born persons was around 57 percent and their unemployment rate was 11 percent. In 1991, 54 percent of the immigrants arriving in 1990 and 1991 were not in the labor force, and among those in the labor force 38 percent were unemployed. 43 Fishman and Simhon (2005) emphasize the direct role that changes in the distribution of income can have in generating search because the search costs for low-income consumers are lower than for high-income consumers. Thus, an in ‡ow of low-income consumers would increase search in the market.
household characteristics. 44 Although time shopping is not exactly equivalent to time spent searching for low prices it certainly is among the measurements closer to the ideal concept.
What happens to prices when the new immigrants search more intensively for bargains that the native population? A precise answer is provided by Stahl's (1989) model of consumer search. 45 In this model a fraction of consumers has zero search costs.
These consumers -called the "shoppers" -have zero search costs and will eventually get informed about the stores charging the lowest price of an homogenous product. The other type of consumers have positive search costs. Consumers search sequentially with perfect recall and stop searching when they …nd a price below their reservation price.
The shoppers sample all prices and buy only from the lowest priced store. Identical stores choose their prices taking into account consumer search behavior. In the Nash equilibrium, stores choose their prices from a price distribution rather than from pure strategies. In equilibrium, the shoppers will pay a low price, while the remaining consumers shop randomly. In this fashion, price dispersion is generated as an equilibrium phenomenon. Stahl shows that as more search is conducted, i.e., as the proportion of shoppers increases, stores will compete more …ercely by lowering their prices. Intuitively, it pays to deviate downwards because stores that deviate will get all the shoppers. This will result in a distribution of prices that shifts monotonically from the unique monopoly price when = 0 towards the unique competitive price when = 1. Along the way, the expected price falls monotonically.
If we identify the arrival of immigrants with an increase in the share of shoppers then Stahl's model predicts a negative relationship between expected price and the share 44 An OLS regression of time shopping on an immigrant dummy, age, gender, an employment indicator and on household size and income, gives an estimated coe¢ cient for the immigrant dummy of 9.7 minutes with standard error 2.7.
of immigrants. 46 This prediction is clearly consistent with the results in Table 3 . The selected products belong to food excluding fruit and vegetables, furniture and household equipment, clothing and footwear, and miscellaneous (including music and books). Each category is divided into subcategories (e.g., in food we …nd bread, cereals and dough products; meat, poultry, …sh and their products; oils and margarine; milk and dairy products; etc.), and each subcategory is itself divided into individual products.
There are 702 individual products in these subcategories so that the selected sample covers 68 percent of these products. The research assistants selected product …les from each subcategory and checked the data for internal consistency. Importantly, these …les were selected without following any speci…c organizational pattern, i.e., randomly. The only deviation from this procedure was to make sure that pork products and alcoholic beverages were included in the sample. The 478 selected products represent In (1)-(3) standard errors are clustered at the product level (top) and at the city level (bottom), using 478 and 52 clusters respectively . Standard errors in (4)-(9) robust to heteroskedasticity.
In (7)- (9) the city-average of the product dummies estimated in (3) are subtracted from the dependent variable.
** (*) significantly different from zero at 1% (5%) significance level
Dep. variable: Long difference in log price
City City
Adjusted Price Change The instrumental variable is the share of Soviet immigrants in each city in 1983 (census year)
In (1) standard errors are clustered at the product level (top) and at the city level (bottom), using 478 and 52 clusters respectively . Standard errors in (2)-(3) robust to heteroskedasticity.
In (3) the city-average of the product dummies estimated in (1) are subtracted from the dependent variable. The monthly immigrant share is computed as in equation (4) in the text.
The monthly total population level is computed as in equation (5) in the text. ** (*) significantly different from zero at 1% (5%) significance level In (1) standard errors are clustered at the product level (top) and at the city level (bottom), using 478 and 51 clusters respectively . Standard errors in (2)-(3) robust to heteroskedasticity. ∆s metro is the immigrants' share in the metropolitan area of the city not including data for the city . The 4 metro areas are: Jerusalem (1 city), North (22 cities ), Center (23) cities and South (6 cities).
Regressions exclude observations for Jerusalem. In (3) the city-average of the product dummies estimated in (3) are subtracted from the dependent variable.
** (*) significantly different from zero at 1% (5%) significance level Adjusted Price Change
Dep. variable: Long difference in log price The estimated regression is as in regression (3) of Table 3 with product group dummies interacted with changes in S and in log Pop.
Entries are the estimated immigration effect for each product (coefficient for reference group + interaction dummy). Standard errors clustered at individual product level (478 products) *** (**) (*) significantly different from zero at 1% (5%) (10%) significance level 
